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Development of Al for Determining Deterioration Progress Using Supervisory Data Integrated
with Bridge Inspection Information and Geospatial Information

Hitoshi TATSUTA, Yutaka HARADA, Takaaki NUKUI, Koki SAKAE

Abstract: Since the speed of deterioration of bridge components is related to the need for repair, it is
necessary to monitor the speed of deterioration during periodic inspections. However, environmental
conditions such as climate and surrounding topography, as well as the age of the bridge, are factors that
contribute to the deterioration of the components. In this research, we combine the inspection data of
bridges managed by Tochigi prefecture in previous years and the National Land Data, which is GIS data
of climate and topography published by the Ministry of Land, Infrastructure, Transport and Tourism, as
teacher data using GIS. The integrated data will be used to build an Al system that can estimate the

progress of deterioration of bridges.
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H A Tl (prediction of deterioration progress)
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