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Attractiveness Analysis of Densely Built-up Wooden Residential Areas

Based on Impression Evaluation Questionnaire and SNS data

Sayaka KIZAWA *, Takuya OKI **
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This study aims to analyze the characteristics of the attractiveness of densely built-up wooden
residential areas using data obtained from two different sources: a questionnaire of impression
evaluation and a social networking service (SNS). Firstly, we conducted a questionnaire survey on
evaluating impressions (such as landscape and attractiveness) from street images of densely built-up
wooden residential areas. The images were obtained using Google Street View API, and the number
of those was 100. Next, based on the result of the questionnaire survey, we clarified the impression
evaluation structure and analyzed the relationship between the structure and the local characteristics of
each area. Besides, in order to detect popular densely built-up wooden residential areas, we collected
images posted on Flickr and attempted to analyze their spatial characteristics and contents.
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