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Building Extraction from Images of Real Estate by Semantic Segmentation:
Application to Built-age and Structure Estimation

Yoshiki Ogawa*, Takuya Oki**, Shenglong Chen***, Yoshihide Sekimoto*

Abstract: The built-age and structure of buildings are essential for the accurate estimation of earthquake
damage. On the other hand, recent years have seen the accumulation of images of building by real estate
companies, and deep learning have proposed a method of estimating classification with high accuracy
using images. Although such a deep learning model for classifying specific classes of objects is capable
of learning and classifying images as they are, it is expected to improve the classification accuracy by
extracting only the target objects. However, the characteristics of estimation of accuracy of built-age
and structure in the previous studies are not well understood by using building extraction. In this study,
we applied semantic segmentation to our proposed building-age and structure estimation model and
tried to develop a deep learning model for building-age and structure estimation by extracting buildings
from images. In addition, the accuracy of semantic segmentation for built-age and structure class was
verified and discussed.

Keywords: REjpET — %t > b (real estate dataset) , V@7 (deep learning) , Z#f i (building
detection) , FLHAL (built-age) , #i& (structure)
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