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Parameter Correction for Accurate Depth Estimation in Road Space Using In-vehicle Video
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Abstract: The measurement of the distance to the object in the image is called depth estimation. It can be
used to estimate the 3D shape of the object in the image. In this paper, depth estimation from monocular
images is investigated using deep learning. One of the challenges of depth estimation from monocular
images is that existing studies only estimate relative distance, though absolute depth estimation is required
for object size estimation. In this paper, we construct an absolute depth estimation model using monocular
images. The internal parameters of existing models are adjusted using in-vehicle video taken in Saitama.
The estimated relative depth is modified to the absolute depth using the tilt and height of the camera. The

estimated depth is evaluated using stereo camera images.
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