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Abstract:In recent years, we have high-function mobile device called smartphone. As a result, we

can get various information; location, time, gyro and so on. To analyze mobile phone GPS log data

is specially focused on but it is hard to get validation data. We focus on Person Flow dataset

(PFlow dataset) made from Person Trip survey (PT) that has label of demographic attributes,

transfer history and develop model from it is applied for GPS log data using Transductive Transfer

Learning. We developed gender, age and work type classifier model from PFlow dataset. As a

result, we can classify high accuracy for these demographic attributes.
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