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A Trial for Industry Coagglomeration Pattern Analysis
Ryo INOUE and Kohei SHIGA

Abstract: The geographic concentration of industries has attracted researchers’ interest, and many
theories have been proposed to explain the causes of the phenomenon. However, empirical
researches which analyze the coagglomeration of industries are scarce, as is noted by Ellison et al.
(2010). This study proposes an analysis method which extracts the coagglomeration patterns of
industries from the small-area statistics on economic activities. The proposed method is composed
of two procedures: the spatial cluster detection of each industry by false discovery controlling
method and the frequent pattern mining of the combination of detected industrial clusters. The
proposed method is applied to the 500-meter grid data of the 2012 Economic Census for Business
Activity in Japan to check the applicability and validity of the proposed analysis method.
Keywords: H:4£F (coagglomeration), $EF# 1 (cluster detection), FDR (false discovery rate),
M7 — 2~ A =2 (frequent pattern mining)
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