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A Study of Area Segmentation Methods for Understanding Optimal
Composition of Urban Traffic Patterns

Daisuke HASEGAWA and Sunyong EOM

Abstract: This paper aims to understand the characteristics of short-distance trips covered by short-

distance transportation. First, the amount of short trips in grid units and the cosine similarity based

on the azimuth are summarized. Then, area segmentation is performed by several methods using

static data, and a method with high accuracy of regression results is examined for each segment.

As a result, clustering by VBGMM using Point of Interest data and population data obtain a more

precise the result of regression.
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distance mesh_station_entrance (N=781) mesh_no_station (N=1513)
range i no_cluster xmeans VBGMM | no_cluster  xmeans VBGMM
trip_count I 0.3915 0.6502 0.6611 0.2110 0.2166 0.2517
I, 0.3355 0.6345 0.6399 0.0750 0.2284 0.2692
cos_simirarity I 0.0890 0.3801 0.4098 0.0736 0.2196 0.2501
I, 0.0704 0.4013 0.4646 0.0681 0.2010 0.2378
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