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Catchment analysis and Machine learning in Business

Yoshiaki SAKAI

Abstract: Appling Machine leaning to Catchment analysis in business becomes popular method for

understanding of regional market and consumer insights. Machine Learning can be defined by tow

perspectives; Supervised learning and Non-supervised learning. In business, there are some

challenges to make consensus with non-specialists when we utilize Machine learning. This paper

will provide some arguments on catchment analysis and Machine learning.
Keywords: 574 (catchment analysis), %% (Machine learning), & EIR7E (decision
making) , A/fA{t (visualization) , fxi{lt. (optimization)
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