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Testing an Applicability of Crime Prediction Methods for Japan
Tomoya OHYAMA and Mamoru AMEMIYA

Abstract: This study applied crime prediction methods for a local city in Japan. We compared three different

methods, Risk Terrain Modeling (Caplan et al., 2011), Prospective Mapping (Johnson et al., 2009) and kernel

density estimation. Analysing the data of vehicle load thefts and parts thefts in 2014, we found that Prospective

Mapping was outperformed other two methods. This result indicated that space-time proximity should be

considered in crime prediction.
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